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Abstract: Aiming at the distributed design and storage of topic map of domain ontology in abun-
dance latent repetition, and redundancy in meanings and structures during merging process, a
topic map merging algorithm(TMMC) based on common knowledge thesauri combined with cor-
pus.is proposed, where the similarity of Chinese concepts in merging process is evaluated, then
the hyponyms, part-of and other relations between concepts, are dealt with, and HowNet and the
other thesauri are used to compose a multi-level similarity calculation during merging the concepts
in ontology. The merging rules about the different semantic relationships among concepts are de-
fined. For very large number of domain special terms are not included in the common knowledge
thesauri, therefore a novel algorithm based corpus is presented for calculating similarities be-
tween domain special concepts. And the extended topic maps in computer specific education are
tested to verify the improved F-measure value of TMMC.
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