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A Weighted Fuzzy Rough Sets Model with Hybrid-Attribute
Reduction in Granular Computing
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Information Engineering, Xi'an Jiaotong University, Xi'an 710049, China)

Abstract: In order to solve the problem that weighted rough sets model lacks a mechanism to deal
with mixed and imbalanced data, a unified fuzzy equivalent relationship for analyzing different
types of features in weighted domain is established, and a weighted fuzzy rough sets model is pro-
posed to deal with mixed data. Furthermore, a hybrid attribute-reduction algorithm is construc-
ted based on the weighted fuzzy rough sets model. Compared with the classical crisp partition,
the hybrid algorithm can avoid information loss through fuzzy soft partition generated by the
model. Experimental results on imbalanced and mixed data sets show that the proposed weighted
fuzzy rough sets model can not only select fewer features than weighted rough sets model, but al-
so improve the average classification performance of the reduced attribute set on learning methods
by 11.9%.
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