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Abstract: A new semi-supervised learning model based on k-means and transductive support vec-
tor machine is proposed to improve the accuracy of P2P traffic identification. The semi-supervised
cluster algorithm of £-means is used to calculate the number of positive instances in a training set,
and then the TSVM model is trained based on the number of positive instances. So the stability
and accuracy of TSVM are improved. An important advantage of the model is that the model can
be trained by both labeled samples and unlabeled samples, and the model is suitable for the iden-
tification of P2P traffic that is difficult to be labeled. Experimental results show that the proposed
model is better than TSVM and SVM models in accuracy and stability, and that it is an effective
way to improve the accuracy of P2P traffic identification.
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