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Computing Chinese Semantic Orientation Via Distributional Similarity

ZHAO Yu, CAI Wandong, FAN Na, LI Huixian

(College of Computer Science, Northwestern Polytechnical University, Xi'an 710072, China)

Abstract: An algorithm for Chinese semantic orientation calculation that uses distribution simi-
larity is proposed to solve the problem that existing methods take less implied semantic into con-
sideration in semantic orientation inference. The Chinese semantic orientation calculation is car-
ried out in two steps. The first step calculates the distribution similarities using dependency
grammar analysis and statistical tools. HowNet and Chinese conjunction features are introduced
in semantic similarity calculation to optimize the corpus-based statistical results. The second step
adopts an undirected weighted graph clustering algorithm to infer semantic orientation, Because it
is an NP-hard problem to obtain the optimal clustering solution, a greedy algorithm is used to get
an approximate solution. Experiments on the testing corpus show that the accuracy of the pro-
posed algorithm is 80% and is better than both the corpus-based statistic algorithm and the How-
Net-based algorithm. The results demonstrate that the proposed method is feasible and effective
to improve the accuracy of Chinese semantic orientation calculation.
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