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A Modified Bayes Classifier Using Association Rule Forest

WU Ning, BAI Chunxia, ZHU Yibo

(School of Electronics and Information Engineering, Xi'an Jiaotong University, Xi'an 710049, China)

Abstract; To alleviate the independent assumption on the attribute of the naive Bayes classifica-
tion, an association rule forest representation and a modified Bayes classifier called ABC are pro-
posed. A data mining method is used to get useful association rules. An association rule forest is
constructed from all the resulting useful association rules. Then the joint probability of all the at-
tributes contained in an instance is calculated by multiplying the probabilities of all root nodes
with the confidences of all the useful association rules. UDI dataset is used to verify the validation
of the ABC. Experimental results show that the ABC has higher classification accuracy, with 5%

average improvement, than the naive Bayes one has. Especially, for the dataset containing strong
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associated attributes, 37% improvement in accuracy is obtained.

Keywords: naive Bayes classification; association rule; joint probability
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