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Multiple Instance Learning Method Based on Building New Bag Space
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(School of Information Science and Technology, Northwest University, Xi'an 710069, China)

Abstract; Aiming at bag structure information loss problem caused by single instance deciding
bag label in multiple instance learning (MIL), a new MIL algorithm named RK_BP is proposed.
Firstly, rough set method is adopted to reduce the redundant information in the instance feature
space, then K means algorithm is applied to cluster and build a new bag space, and finally back
propagation algorithm is used to classify bags in the new space. Experiments on data sets show
that this algorithm deals well with the multiple instance problems and provides better classifica-
tion results.
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