BATH 6 B o X @ K F F R Vol. 47 No. 6
2013 4F 6 H JOURNAL OF XI” AN JIAOTONG UNIVERSITY Jun. 2013

DOI: 10. 7652/xjtuxb201306010

KA HEEESRHEBES C AE
REXSHRETTIE

F R, SER Y. BESAR
(L. V02 52580 R RE M 4 5 I 46 22 e 0 B U SE B 3, 710049, P54 5
2. AR T 55 B TR, 710049, P4%)

BE. xRN CHEREGREA R ETARPARET —HATRAZTRLEZTOSAHA
ERRBIG k., GAERRALARPZEA—AREIN > FEREAL. B —FATHFEZHXN 5K
FNFE A RZERREZHERBEGEME A TEZEMREEZREZGERE . RET —#
RESAHBBAERF LT F, BRI ERATHEEEHN CHERE, AR >N LA THREFT ES R
RABER T FERE M CHEREA S EAIHBERAETRBEE LHITEBILEKR, 4R
FR LA TR AR A E Ty ke A B CH AR LR FEFOREAL ALK,

KEEE . RE AN C YL E MR

mESES: TPIS XHirEM: A XEHS: 253-987X(2013)06-0055-06

Selection Method for Parameters of Rough Fuzzy C-Means Clustering
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Abstract; A selection method for parameters of the rough fuzzy C-means clustering based on
uncertainty measurement is proposed. The selection of parameter threshold is converted into an
optimal partition problem, and partitions are evaluated based on variances. The information
entropy is employed to measure the fuzziness of the sample membership to clusters, then an
adaptive method to calculate weights is presented based on the roughness of clusters and the
fuzziness of samples. The adaptive parameter selection method is employed in rough fuzzy
C-meaning algorithm. Experiments and comparisons with some existing typical parameters
selection methods for rough fuzzy C-means clustering algorithm are performed on synthetic and
real-world data sets, and the results show that the proposed algorithm achieves higher accuracy,
and is effective.
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