FasHE w2 B o X @ K F F R Vol. 48 No. 2
2014 4F 2 A JOURNAL OF XI” AN JIAOTONG UNIVERSITY Feb. 2014

DOI. 10.7652/xjtuxb201402004

FMAEEERNEGELDBFEE

R R O | K &
(1. VGRS T 558 TR, 710049, PZ2; 2. V5238 K ¥ MR, 710049, P2 ;
3. b TR E ML= BE . 100081, dbHD

WE: A THABRANBARES AL EZEET AL RER M TS E ARG 2ET
— A TREAGARES LS ANBEAEELNEAARAREABR PR EXZOFELARSA
Bk yal ey R, FLE G AT R MR % 09 2 18 B 4% 5 A 347 Mean-shift i o %], 5+ 443 3|
LB RByREARBU YT E;REAN R G RE Ly B LA A o306 A0k, 55345 48
L -3k 3F B AR T S e oAt BB T ARAR T B ESMEARBD T AL MR AE R
FAERTEIHOEMEZTRKBRAR L2 P, K FRETHESZNLER, ZHEREN,
P kA TR AR — a2 EARA THER I B2 ik LA 245655 2
HR.ER > EIR R GRS 45%,

K. A ESEBEREE

RESES: TP391.41 X#EREMHE: A XEHS: 0253-987X(2014)02-0020-05

An Image Co-Segmentation Algorithm Using Hyper-Graphcut
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Abstract: An image co-segmentation algorithm using hyper-graphcut is proposed to improve the
efficiency of image co-segmentation algorithms based on traditional graph-cut for the high
computational complexity in optimizing energy functions. The algorithm bases on the property
that hyper-graphs represent the relationship among images better. Mean-shift over-segmentation
is applied to the input image pair to obtain image patches and these patches are then expressed as
the nodes of a hyper-graph. Then the similarities between patches are calculated through their
color histogram features, and the collections of similar patches and their neighbor patches are set
as hyper-edges and a hyper-graph is constructed. The spectral analysis algorithm is performed on
the constructed hyper-graph to obtain the final co-segmentation result of the image pair.
Experimental results and comparisons with the normalized-cut of single image and the co-
segmentation algorithm based on graph-cut show that the proposed algorithm has a notable
improvement on image co-segmentation efficiency with a calculation cost reduction at least 45%.
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