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Abstract: A speech recognition method based on dependent feature transformation and
combination of subspace regions ( MFCC-BN-TC) is proposed to improve the recognition
accuracy. The structure feature (BN) and envelope feature (MFCC) are extracted to separately
describe the structure and envelope information of the short speech spectrum, and the region
dependent feature transformation is adopted to perform feature transformation for the BN and the
MFCC, respectively. The transformation is then generalized to give a subspace region-dependent
feature transformation so that different time units (frame and segment) are applied to finish
multi-level modeling. Moreover, a feature combination framework is proposed, and the acoustic
model is trained using combined multi-features after transformation. Experimental results and
comparisons with the method using raw BN and the method based on MFCC feature show that the
recognition rate of the MFCC-BN-TC method increases by 0. 96% and 1. 62% , respectively. The
gain in performance of the MFCC-BN-TC method increases by 1. 5% through combining the
transformed features.
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