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A Context-Aware Recommendation Method with Multi-Feature Fusion
Based on Fisher Linear Discriminant Analysis
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2. Department of Information Engineering, Shanxi Water Technical Professional College, Yuncheng, Shanxi 044004, China)

Abstract: A context-aware recommendation method with multi-feature fusion based on Fisher
linear discriminant analysis is proposed to solve the problem that the recommendation result does
not cover user’s potential preference so the recommendation quality is influenced when prediction
methods only acquire user’s preference from the single view data. This method establishes a
sample space of preference data, including the degree of time attenuation, attribute preference
and the degree of behavior influence. The methods of feature fusion and projection transformation
are used to fuse users’ multidimensional features in an optimal vector space based on Fisher
discriminant criterion. Then, the Lagrange multiplier method is employed to compute the optimal
projection direction, and a users’ preference model is constructed. Experimental results on data
sets of BookCrossing and Netfilix and comparisons with existing methods show that the
recommendation accuracy and diversity of the proposed method improve by 16. 61% and 38. 01%,
respectively. These results indicate that the proposed method can effectively cover users’
potential preference and achieve better prediction quality.
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