Ho52% He B o X @ K F F R Vol.52 No. 8
2018 4 8 H JOURNAL OF XI” AN JIAOTONG UNIVERSITY Aug. 2018

DOI. 10. 7652/xjtuxb201808010

X RAIEHERFIAEZIARREEE

BeT4L"%, A. ESMAEILI KELISHOMI"?, % & [
<LEﬁiﬁt?%%ﬂ%ﬁﬂ%%éﬂﬁ%ﬁﬁiﬁg,nmw,ﬁﬁ;
ﬁ‘ﬁ@ﬁj‘%m? ‘:J‘T Iﬁ%l@iﬁv 710049, Eﬁ‘)

HWE: ABENBEFIFTEERNEHNHRBHIEAARZHAINAR P RINLR T ZTIRMA
IHMEAERREZROF A RBE—FRBOERRNELE S REKELIIRITREGIRERE (VGG
LSTM) £ A A 52 BLAF AE | 32 B S5 3 47 15 3 17 ‘J 17#%9}92‘45/\%)5‘@ B HYE B IR R A0 4 A R

4%9%1%”,;&% bt%‘@%é’] RGB4EM#i7E p A — L BHEERMA L X E KM T
TR % B Ak, KEERKNA., ﬁ%ﬁéﬁ/\ﬁ:mm A (HAR) 345 £ Fo £ 2545 B 242 B 45 3R

(WISDM) # 3 4 Lm}ﬂwﬂ%&é’u/\ﬂi AR F R FH R RS AKX T 97175 Fe
96. oSA,ﬁ?}%iTu%‘ﬂc:\%&réﬁ%mlﬁ,E/\@ixvz)n?\ﬁ' | ) o AR 6 AR e s
KER: BN ERBEAKREBEF RN GRIG R ERASER

mESEKS. TP301.6;TP391.4 XEFRER: A XZEHE. 0253-987X(2018)08-0060-07
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Using Motion Sensor Data
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Abstract; An improved deep hybrid HAR model (VGG-LSTM) is proposed to solve the problem
that the performances of traditional machine learning methods for human activity recognition
(HAR) using motion sensor data are heavily dependent on artificial features, and their accuracies
are limited. The model combines a convolutional neural network and a long-short-term-memory
network to automatically extract features and to effectively recognize different activities. The
proposed method combines multiple modified 1D-convolutional neural networks and two layers of
long-short-term-memory networks by comparing the stratified and time-series structure of sensor
data with RGB matrix of image. Experiments show that the model achieves average accuracies of
97.17% on the benchmark dataset HAR and 96.53% on the dataset WISDM, and that it
effectively avoids complex feature engineering and has a good accuracy in the human activity rec-
ognition.
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