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Abstract: A novel algorithm for jamming decision using dual reinforcement learning (DRLJD) is
proposed to accelerate convergence rate of reinforcement learning algorithms in jamming decision.
First, a model of equivalent communication parameter is constructed to reduce both the number of
unlearned parameters and the dimension of the search space. Secondly, the search space with
reduced dimension is used to choose jamming parameters and to avoid worse jamming performance
caused by random selection. Finally, the selected parameters are used to take jamming action,
and to reduce the dimension of search space from the environment feedback information. The
convergence rate of the algorithm is accelerated by constant interaction. Moreover, previous
jamming experiences are used as prior information to further shorten the learning time of the
system and to accelerate the convergence rate. The proposed DRLJD algorithm is validated by
taking experiments on some jamming problems. Simulation results show that the algorithm
obtains the optimal or suboptimal jamming strategy with 200 interaction times which is less than
600 interaction times of existing algorithms, and the use of prior information further reduces the
requirements for the number of interactions. When the new reward standard is used as a basis for

reward the proposed algorithm could learn the optimal jamming strategy at the expense of
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interaction times in the case that communication protocols are not known.
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