Fa9E B 1 B o X @ K F F R Vol.49 No. 1
20154 1 H JOURNAL OF XI” AN JIAOTONG UNIVERSITY Jan. 2015

DOI. 10.7652/xjtuxb201501019

MANREZENREGREREBGRERE

W g, I
(L bizg@ R EHILFR . 200240, bilg; 2. LB R¥FL T HERTR%E. 710049, FH%)

WE. A ENBEEFT FORBE IR MG NS R AR RGP RBET —FARBRE
R EE k., BAOAENE B ARE Z2E R — 94 5, ESLICJQ?/%:#E FT.RETEATALE
EWRE GBI T kAR LS B, ‘rzﬁ‘/ﬁ@@ﬁé@m%“ﬁ[:i&kﬁ@ﬁﬁﬁii/\g’],ﬁ%
HOAA % my 28 mMEERFRBMNAEARFROBEET AR K2, FRE—F 45
REFDG BT mAIE ABOORIET BROGDEMNES RANRSHT HEWRE, Hﬁ%&fl,é
MEARGEERT RAFEDISG T LFE RN BRENRBITRETGAKRTELRL L.
XKW, BETATEEZEABRE DG @KL

FEASES: TP391 XEIrERL: A XEHS: 0253-987X(2015)01-0112-06

A Fast Superpixel Algorithm with Biased-Clustering Using Visual Saliency
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Abstract: A novel biased-clustering superpixel algorithm is proposed in the framework of SLIC to
improve the problem that the conventional superpixel methods have bottleneck in controlling the
tradeoff between superpixel number and boundary adherence. The algorithm employs the visual
saliency into the non-uniform mesh initialization step and the biased-clustering distance function
by noticing that human’s visual attentions are distinctive to different salient objects, so that
dense over-segmentations are generated in salient regions to keep sufficient information for
object’s boundary; while sparse segmentations are generated in non-salient regions to reduce the
number of segmentation blocks. Moreover, the ideas of one-step global clustering and gradual
boundary refining are applied to speed up the algorithm. Experimental results and comparisons
with several state-of-the-art superpixel algorithms show that the proposed algorithm reflects the
boundary adherence for salient objects well under the same number of segmentation blocks, and
has a higher boundary recall and lower under-segmentation, as well as the least time-consuming.
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