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Community Structure Detecting in Trust Relationship Networks
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Abstract: A novel method to find the reliable node sets (community structure) in trust
relationship networks between service units is proposed to deal with the problem that unreliable
service nodes threaten the user security and service quality in crowd-computing service. The
method introduces factors of weights and directions to construct a directed-weighted model for the
trust relationship network, and defines a vertex similarity index and an evaluation function to
control the clustering process. Experimental results show that the proposed method effectively
detects and identifies the reliable node sets in a trust relationship network, and the detecting
accuracy increases by 5. 88 % compared with the existing algorithms.
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