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A Rank Model with User Bias for Recommender System
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Abstract: A new rank model that takes user’s bias into account is proposed to solve the problem
that existing rank techniques do not consider the aggregate diversity of the recommendation
result. The bias regulating parameter is obtained by cross validation, and is used to calculate the
user’s bias. Then the algorithm to calculate the user’s threshold in the traditional rank models is
improved by using the resulting user’s bias, so that the enhancement of the aggregate diversity
can be effective to all users. The goal of fine control on the aggregate diversity and accuracy is
achieved by taking the diversity regulating parameter into the process of calculating the threshold
and combining with multiple rank methods. Experimental results and comparisons with the
traditional rank model based on experience show that the proposed model can generate
recommendations that have higher aggregate diversity across all users while maintaining the
recommendation accuracy. Besides,the proposed model can be embedded into interactive TV or E-
commerce recommender system without changing the original functional components.
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