F41E B8 Ho% X @ K ¥ F IR Vol. 41 No8
2007 4£ 8 H JOURNAL OF XI'AN JTAOTONG UNIVERSITY Aug. 2007

HEEEREARAND T ERENH

XUZEAT?, SIS, BOE . B’
(1. PIEAR KA 55 B TR » 710049, 67325 2. il F 2 w) BF 5 B s Bk BRI ST 7 » 830013,
B AT 3. BN AF . 834000, FERIDER)

HWE. ATHEATBRT AN EGEAFA BT —F L THEEBELYH ORI 0
Mk, BARAARBRERHRARMBTEERAE. IHFTA>ANAMEE BB REZBES
A o313 83X —4F 5, A BT i 3F 09 K 2347 Bayes PR AT ) % 3 S5 B F R A8 B0 )G B
MEIR ABEAFEETIRP AR ERRAEBEE T TR ERMRES S A X — M
TR A PV AR 83 3 il AUk R AR 09 5 TR AT R BT AR 7 ok RA Sy T 536, i HAG B 4 4% 4 49 )
B E ARG T it iR R R 54k BB T 3 8 Fm] s A, 42 & T ik

KEEIR) . MR LR BEL 1 5 P B o s A TR

hESES: TP302 XEFRIREE. A XEHS: 0253-987X(2007)08-0939-05

Discrimination Method of Rough Set Attribute Reduction and Its Applications

Liu Hongjie'””, Feng Bogin', Li Wenjie *, Lii Huantong’
(1. School of Electronics and Information Engineering, Xi'an Jiaotong University, Xi'an 710049, China; 2. Geophysical Research
Institute, Research Institute of Exploration and Development, PetroChina Xinjiang Oilfield Company, Urumqi 830013, Chinas
3. PetroChina Xinjiang Oilfield Company, Karamay 834000, China)

Abstract: In order to overcome some shortcomings of the statistical stepwise discrimination meth-
od, a new discrimination method based on rough set attribute reduction is proposed, in which the
attribute reduction of rough set is used to select important discriminating variables by sufficiently
taking advantage of the feature that the attribute reduction of rough set needs no prior informa-
tion on the distribution. Then, with the selected variables, Bayesian discrimination procedure is
used to build the discrimination function or compute the posterior probability so as to solve the
problems that the storage size is much bigger and the importance of discriminating variables whol-
ly obey the normal distribution from the subjective assumption in the statistical stepwise discrimi-
nation method. Through applying the proposed method to the real-world dataset of reservoir of
oil and gas, it is demonstrated that the proposed method not only is easy to be implemented with
higher correct discrimination rate, but also can decrease the computational cost and increase the
prediction speed.
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